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Recognition of the agricultural activities based on image feature fusion
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(1.College of Computer Science, South-Central University for Nationalities, Wuhan, Hubei 430074, China; 2.Hubei Provincial
Engineering Research Center for Intelligent Management of Manufacturing Enterprises, Wuhan, Hubei 430074, China)

Abstract: Aiming at the behavior information implied by human posture in agricultural activity images and the
association information implied by human and agricultural tools, a recognition method of agricultural activity behavior
based on image feature fusion is proposed. Human posture estimation technology OpenPose is used to extract the joint
position information of agricultural behavior, and target detection YOLOv3 is used to extract the position and
classification information of agricultural tools in agricultural behavior. These information is used to construct the distance
space feature matrix and angle space feature matrix of agricultural behavior, to fuse the above image features. Based on
explicit and implicit features, the recognition method EI-SVM was establish to realize the recognition of agricultural
activity behavior. The experimental results show that the accuracy of EI-SVM method for agricultural activity behavior
recognition is 94.87%, and the accuracy on public data set is 92.39%.
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Table 1 Classification accuracy of farming behavior with

different characteristics
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